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労働経済、雇用制度、経済政策

新型コロナウイルス感染症（COVID-19）が
我々の働き方に与えた影響とは？

研究の概要
新型コロナウイルス感染症（COVID-19）が第5類感染症に移行して

から約3年が経過しました。感染症の脅威が人々の記憶から薄れる中で
も、本パンデミックがもたらした影響を振り返り、今から次回のパン
デミックに備えることが重要です。本研究では、COVID-19が日本の
労働市場における雇用ミスマッチを悪化させた影響を分析しました。
感染リスクは職業や雇用形態によって異なり、特に人と接触する機会
の多い職業ではリスクが高まります。そこで、当研究では感染リスク
による職業別・雇用形態別の求職・求人動向を調査し、職業別のミスマッ
チ指数を推計しました。

 ▍ 研究の背景と結果
COVID-19による労働市場への影響は、産業、職業、労働者属性によっ

て異なり、対面での業務の頻度やリモートワークの可能性が大きな要
因となります。感染リスクが高い職業では求人が減少し、求職者が他
の職業に移動しない場合、労働需給のバランスが崩れ、雇用ミスマッ
チが発生する可能性が高まります。日本ではパンデミック以前から労
働市場のミスマッチが確認されており、COVID-19によってさらに悪
化したことが示唆されています。

本研究では、公共職業紹介所（ハローワーク）の行政データと日本
版 O-NET(job tag) データを接合し、感染リスクやリモートワークの可
否に基づく職業ごとの差異を分析しました。また、フルタイム労働者
とパートタイム労働者の雇用形態を考慮し、それぞれのミスマッチの
進行状況を検証しました。  

主な結果は以下の通りです。第一に、2020年3月に政府が学校閉鎖
を要請して以降、労働市場の逼迫度（有効求人倍率の近似値）および
就職率（求職者1人当たりの就職件数）が減少しました。労働市場逼迫
度は2021年初頭に回復の兆しを見せましたが、就職率は低いまま回復
せず、継続的にミスマッチが存在していたことが示唆されます。第二に、
2020年3月以降、感染リスクの高い職業やリモートワークが困難な職
業のフルタイム労働者でミスマッチが急増したほか、リモートワーク
が容易な職業に従事するパートタイム労働者でも顕著なミスマッチが
確認されました。これらのミスマッチはデータの最終年月である2023
年3月時点においてもパンデミック前の水準に回復せず、持続的に悪化
し て い る こ と が 判 明 し ま し た。本 研 究 は こ れ ら の 分 析 を 通 じ、
COVID-19が職業別・雇用形態別に及ぼした影響を包括的に明らかに
しました。

継続的なミスマッチが存在する要因の一つとして、職業間の労働移
動が容易でないことが挙げられます。感染症拡大などの負のショック
により求人数が減少した場合でも、求職者が教育や訓練を通じて新た
なスキルを習得し、別の職業に就けるような流動性の高い労働市場の
整備が必要とされます。

 ▍ 研究の意義と将来展望
本研究の意義は、COVID-19が日本の労働市場に与えた影響を職業別、

雇用形態別に定量的に分析し、感染リスクやリモートワークの可能性
による差異がミスマッチを悪化させたことを示した点です。また、パ
ンデミック期間中に政府が実施した雇用調整助成金がミスマッチに与
えた影響について、改善または悪化の可能性を示唆し、将来の研究課
題として残されています。次回のパンデミックに備えるため、労働市
場の動向を客観的に把握し、政策立案に役立つ知見を提供する研究を
さらに進めていく予定です。�

特 許

論 文 1) Higashi, Yudai; Sasaki, Masaru. Did COVID-19 deteriorate mismatch in the Japanese labor market? Japan and the World Economy. 2025, 
76, 101331. doi: 10.1016/j.japwor.2025.101331

参 考 U R L
キーワード

https://researchmap.jp/masaru_sasaki

経済学研究科　経済学専攻
教授 佐々木 勝

after the pandemic for high-risk occupations (21.22–22.58 %) is 
considerably larger than that for low-risk occupations (-0.32–3.84 %).

Finally, panels (e) and (f) of Fig. 6 plot trends in the mismatch indices 
for part-time workers, while panel C of Table 4 presents the corre-
sponding SITS analysis results. According to the SITS analysis, column 
(1), using the 50th percentile as the threshold, shows that the slope of 
mismatch across low-risk occupations increased after the pandemic, as 
the estimate of β3 is significantly positive. Column (2) for high-risk 

occupations demonstrates that the mismatch increased immediately 
after the pandemic, as the estimate of β2 is significantly positive. Using 
the 75th percentile as the threshold, column (3) indicates that the 
mismatch across low-risk occupations increased immediately after the 
pandemic, as the estimate of β2 is significantly positive. Column (4) 
shows that the changes in both the level and the slope of mismatch 
across high-risk occupations are statistically insignificant.

Overall, these SITS analysis results for part-time workers are incon-
sistent between the 50th and 75th thresholds. Concerning the percent-
age change in the mismatch between the 12 months immediately before 
and after the pandemic, presented in the last row of panel C, the changes 
are larger for high-risk occupations under the 50th percentile threshold 
(13.54 %) than for low-risk occupations under the 75th percentile 
threshold (9.73 %). As some occupations overlap between these two 
groups, the mismatch across relatively, but not particularly, high-risk 
occupations might be largely induced by the pandemic.

In sum, a separate assessment of the mismatch indices by high- and 
low-risk occupations revealed that the extent of the mismatch across 
high-risk occupations for full-time workers increased after March 2020, 
suggesting that labor mobility in this market was discouraged owing to 
the COVID-19 pandemic. For part-time workers, the extent of the 
mismatch owing to the pandemic was unclear but potentially large 
across relatively high-risk occupations. High-risk occupations prevail in 
sectors requiring face-to-face contact. Such sectors were implicitly 
forced to suspend their businesses or shorten their working hours 
through voluntary bans on leaving their homes, resulting in the 

Fig. 4. Mismatch across occupations, Notes: The vertical line indicates March 2020.

Table 3 
SITS analysis for mismatch across occupations.

Both emp. types Full-time Part-time

(1) (2) (3)

Post (β2) 0.030 0.782* 0.203
​ (0.328) (0.429) (0.154)
Trend × Post (β3) 0.028* �0.002 0.035***
​ (0.016) (0.019) (0.009)
% change in mismatch 2.64 7.23 2.95

Notes: Newey-West standard errors with 12 lags are in parentheses. ***, **, and 
* indicate statistical significance at the 1 %, 5 %, and 10 % levels, respectively. 
The number of observations is 70 months. Estimates of the constant and the pre- 
pandemic time trend are not reported. “% change in mismatch” represents the 
percentage change in the monthly average mismatch levels between the 12 
months immediately before (March 2019–February 2020) and after (March 
2020–February 2021) the onset of the pandemic.

Fig. 5. Mismatch across occupations for full-time and part-time workers, Notes: The vertical line indicates March 2020.
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補足図表：Figure 4 (b)　雇用ミスマッチによる失業の推移1）
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主要図表1：Figure 4 (a)　雇用ミスマッチの推移1）

job finding rates. Notably, while the gross flow of UE rebounded rela-
tively quickly, the job finding rates remained low for a period. Despite 
differences in data sources between Takano (2024) and this study, the 
results are largely consistent.

4. Mismatch

This section presents the transitions in the mismatch between 
workers and firms across distinct labor markets segmented by small- 
classified occupations over time.

4.1. Method

This subsection describes the definition and calculation method of 
the mismatch index developed by Şahin et al. (2014), which is utilized in 
this study. First, we briefly outline the theoretical framework of their 
study. Let the labor market be segmented by occupations. In each fric-
tional labor market segmented by I occupations, the number of new 
hires, namely the number of matches between job seekers and vacancies, 
is assumed to be given by the following matching function: 

hit = Φtϕim(uit, vit), (1) 

where hit denotes the number of new hires in occupation i during period 

t; uit and vit are the number of job seekers and of vacancies in occupation 
i at the beginning of period t, respectively; and m( • ) is the strictly 
increasing concave function in uit and vit and is homogeneous of degree 
one. Φtϕi represents the matching efficiency, where Φt and ϕi are the 
time-specific and the time-invariant occupation-specific components, 
respectively. The matching efficiencies and vacancies that vary across 
occupational labor markets are presented. The matching function de-
termines the number of new hires hit once the number of job seekers uit is 
allocated to the labor market.

Here, a social planner is assumed to allocate job seekers across 
occupational labor markets at no cost to maximize the number of new 
hires nationwide, given the matching efficiencies and number of va-
cancies. For all occupational labor markets i and j, the condition for 
maximizing is: 

ϕimui

(
vit

u∗
it

)
= ϕjmuj

(
vjt

u∗
jt

)

, (2) 

where mui( • ) is a derivative of m( • ) with respect to ui and is written as 
a function of labor market tightness (i.e., the ratio of vacancies to job 
seekers) because m( • ) follows a homogeneous degree of one. Conse-
quently, u∗

it is the social planner’s optimal allocation of job seekers.
Next, we describe the definition of the mismatch index. Here, the 

Fig. 2. Trends in labor market tightness and job finding rate by low- and high-risk occupational group, Notes: Job finding rate = new hires/job seekers. Labor market 
tightness = vacancies/job seekers. The 12-month backward moving averages of the mean values of the occupational groups are plotted. The vertical line indicates 
March 2020.
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主要図表2：Figure 2 (a)　労働市場逼迫率と就職確率の推移1）
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